
We propose the first end-to-end network for exemplar-

based video colorization. The contributions are:

▪ Semantic dense correspondence in an unsupervised 

manner

▪ Correspondence and colorization are jointly trained, 

yielding faster inference speed and better quality

▪ State-of-the-art multi-modal video colorization

▪ Two modes: automatic colorization & color 

propagation
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