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[2] David Griol, Llùıs F. Hurtado, Encarna Segarra, and Emilio Sanchis. A
statistical approach to spoken dialog systems design and evaluation. Speech
Communication, 50(8-9):666–682, 2008.

13



[3] LF Hurtado, D Griol, E Sanchis, and E Segarra. A stochastic approach to
dialog management. In Proc IEEE Workshop on Automatic Speech Recog-
nition and Understanding (ASRU), San Juan, Puerto Rico, USA, pages
226–231, 2005.

[4] Cheongjae Lee, Sangkeun Jung, Jihyun Eun, Minwoo Jeong, and Gary Ge-
unbae Lee. A situation-based dialogue management using dialogue ex-
amples. In Proc Intl Conf on Acoustics, Speech, and Signal Processing
(ICASSP), Toulouse, France, 2006.

[5] Cheongjae Lee, Sangkeun Jung, Kyungduk Kim, and Gary Geunbae Lee.
Hybrid approach to robust dialog management using agenda and dialog
examples. Computer speech and language, Accepted for publication, 2009.

[6] Cheongjae Lee, Sangkeun Jung, Seokhwan Kim, and Gary Geunbae Lee.
Example-based dialog modeling for practical multi-domain dialog system.
Speech Communication, 51(5):466–484, May 2009.

[7] V Rieser and O Lemon. Learning effective multimodal dialogue strategies
from wizard-of-oz data: Bootstrapping and evaluation. In Proc Association
for Computational Linguistics Human Language Technologies (ACL-HLT),
Columbus, Ohio, 2008.

[8] Verena Rieser. Bootstrapping Reinforcement Learning-based Dialogue
Strategies from Wizard-of-Oz data. PhD thesis, Saarland University, 2008.

[9] Verena Rieser and Oliver Lemon. Using logistic regression to initialise
reinforcement-learning-based dialogue systems. In Proc Workshop on Spo-
ken Language Technologies (SLT), Aruba, 2006.

[10] Jason D. Williams and Steve Young. Using wizard-of-oz simulations to
bootstrap reinforcement-learning-based dialog management systems. In
Proc SIGdial Workshop on Discourse and Dialogue, Sapporo, Japan, 2003.

4 Underlying models (User, ASR, and others)

References

[1] Hua Ai and Diane J Litman. Knowledge consistent user simulations for
dialog systems. In Proc Eurospeech, Antwerp, Belgium, 2007.

[2] D. Bohus and A. Rudnicky. Integrating multiple knowledge sources for
utterance-level confidence annotation in the CMU Communicator spoken
dialog system. CARNEGIE-MELLON UNIV PITTSBURGH PA SCHOOL
OF COMPUTER SCIENCE, 2002.

[3] P. Carpenter, C. Jin, D. Wilson, R. Zhang, D. Bohus, and A. Rudnicky. Is
this conversation on track? In Eurospeech-2001, Aalborg, Denmark, 2001.

14
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[10] David Griol, Llùıs F. Hurtado, Encarna Segarra, and Emilio Sanchis. A
statistical approach to spoken dialog systems design and evaluation. Speech
Communication, 50(8-9):666–682, 2008.

[11] DJ Litman H Ai, JR Tetreault. Comparing user simulation models for dia-
log strategy learning. In Proc Human Language Technologies: The Annual
Conference of the North American Chapter of the Association for Compu-
tational Linguistics (NAACL-HLT), Rochester, New York, USA, 2007.

[12] T. J Hazen, T. Burianek, J. Polifroni, and S. Seneff. Integrating recognition
confidence scoring with language understanding and dialogue modeling. In
Sixth International Conference on Spoken Language Processing, 2000.

[13] R. Higashinaka, N. Miyazaki, M. Nakano, and K. Aikawa. Evaluating
discourse understanding in spoken dialogue systems. ACM Transactions
on Speech and Language Processing (TSLP), 1:120, 2004.

[14] Lluis F. Hurtado, David Griol, Encarna Segarra, and Emilio Sanchis. A
statistical user simulation technique for the improvement of a spoken dialog
system. Lecture Notes in Computer Science LNCS. Progress in Pattern
Recognition, Image Analysis and Applications, 4756:743–752, 2007.

15



[15] Sangkeun Jung, Cheongjae Lee, Kyungduk Kim, Minwoo Jeong, and
Gary Geunbae Lee. Data-driven user simulation for automated evaluation
of spoken dialog systems. Computer Speech and Language, 23(4):479–509,
Oct 2009.

[16] S. Keizer, M. Gasic, F. Mairesse, B. Thomson, K. Yu, and S. Young. Mod-
elling user behaviour in the HIS-POMDP dialogue manager. In IEEE Spo-
ken Language Technology Workshop, 2008. SLT 2008, page 121124, 2008.

[17] IR Lane, S Ueno, and T Kawahara. Cooperative dialogue planning with
user and situation models via example-based training. In Proc Workshop on
Man-Machine Symbiotic Systems, Kyoto, Japan, pages 2837–2840, 2004.

[18] O Lemon and X Liu. Dialogue policy learning for combinations of noise and
user simulation: transfer results. In Proc SIGdial Workshop on Discourse
and Dialogue, Antwerp, Belgium, 2007.

[19] Olivier Pietquin. Consistent goal-directed user model for realistic man-
machine task-oriented spoken dialogue simulation. In IEEE International
Conference on Multimedia and Expo, Toronto, Canada, 2006.

[20] Olivier Pietquin and Richard Beaufort. Comparing asr modeling meth-
ods for spoken dialogue simulation and optimal strategy learning. In Proc
Eurospeech, Libson, Portugal, 2005.

[21] Olivier Pietquin and Thierry Dutoit. Dynamic bayesian networks for nlu
simulation with application to dialog optimal strategy learning. In Proc
Intl Conf on Acoustics, Speech, and Signal Processing (ICASSP), Toulouse,
France, 2006.

[22] Verena Rieser and Oliver Lemon. Cluster-based user simulations for learn-
ing dialogue strategies. In Proc Intl Conf on Spoken Language Processing
(ICSLP), Pittsburgh, Pennsylvania, USA, 2006.

[23] Verena Rieser and Oliver Lemon. Automatic learning and evaluation of
user-centered objective functions for dialogue system optimisation. In
Proc 6th International Conference on Language Resources and Evaluation
(LREC), Marrakech, 2008.

[24] J Schatzmann, K Georgila, and SJ Young. Quantitative evaluation of user
simulation techniques for spoken dialogue systems. In Proc SIGdial Work-
shop on Discourse and Dialogue, Lisbon, Portugal, pages 178–181, 2005.

[25] J Schatzmann, MN Stuttle, K Weilhammer, and SJ Young. Effects of
the user model on simulation-based learning of dialogue strategies. In
Proc IEEE Workshop on Automatic Speech Recognition and Understanding
(ASRU), San Juan, Puerto Rico, USA, 2005.

16



[26] J. Schatzmann, B. Thomson, K. Weilhammer, H. Ye, and S. Young.
Agenda-based user simulation for bootstrapping a POMDP dialogue sys-
tem. In Proceedings of Human Language Technologies / North American
Chapter of the Association for Computational Linguistics (HLT/NAACL),
2007.

[27] J Schatzmann, B Thomson, and SJ Young. Error simulation for train-
ing statistical dialogue systems. In Proc IEEE Workshop on Automatic
Speech Recognition and Understanding (ASRU), Kyoto, Japan, pages 526–
531, 2007.

[28] J Schatzmann, B Thomson, and SJ Young. Statistical user simulation with
a hidden agenda. In Proc SIGdial Workshop on Discourse and Dialogue,
Antwerp, Belgium, pages 273–282, 2007.

[29] J Schatzmann, K Weilhammer, MN Stuttle, and SJ Young. A survey
of statistical user simulation techniques for reinforcement-learning of dia-
logue management strategies. Knowledge Engineering Review, 21(2):97–
126, June 2007.

[30] MN Stuttle, JD Williams, and SJ Young. A framework for Wizard-of-Oz
experiments with a simulated ASR channel. In Proc Intl Conf on Spoken
Language Processing (ICSLP), Jeju, Korea, pages 241–244, 2004.

[31] Umar Syed and Jason D Williams. Using automatically transcribed di-
alogs to learn user models in a spoken dialog system. In Proc Association
for Computational Linguistics Human Language Technologies (ACL-HLT),
Columbus, Ohio, 2008.

[32] B Thomson, K Yu, M Gasic, S Keizer, F Mairesse, J Schatzmann, and
S Young. Evaluating semantic-level confidence scores with multiple hy-
potheses. In Proc Intl Conf on Spoken Language Processing (ICSLP),
Brisbane, Australia, 2008.

[33] Francisco Torres, Emilio Sanchisa, and Encarna Segarra. User simulation in
a stochastic dialog system. Computer Speech and Language, 22(3):230–255,
July 2008.

[34] Jason Williams and Suhrid Balakrishnan. Estimating probability of cor-
rectness for asr n-best lists. In Proc SIGdial Workshop on Discourse and
Dialogue, London, United Kingdom, 2009.

[35] Jason D Williams. A method for evaluating and comparing user simu-
lations: The Cramer-von Mises divergence. In Proc IEEE Workshop on
Automatic Speech Recognition and Understanding (ASRU), Kyoto, Japan,
2007.

[36] Jason D Williams. Exploiting the ASR N-best by tracking multiple dia-
log state hypotheses. In Proc Intl Conf on Spoken Language Processing
(ICSLP), Brisbane, Australia, 2008.

17



5 Commentary and evaluations

References

[1] Oliver Lemon, Kallirroi Georgila, and James Henderson. Evaluating effec-
tiveness and portability of reinforcement learned dialogue strategies with
real users: the TALK TownInfo evaluation. In Proc Workshop on Spoken
Language Technologies (SLT), Aruba, pages 178–181, 2006.

[2] T Paek and E Horvitz. On the utility of decision-theoretic hidden subdialog.
In Proc ISCA Workshop on Error Handling in Spoken Dialogue Systems,
Chateau-d’Oex-Vaud, Switzerland, pages 95–100, 2003.

[3] Tim Paek. Reinforcement learning for spoken dialogue systems: Comparing
strengths and weanesses for practical deployment. In Interspeech Work-
shop on Dialogue on Dialogues – Multidisciplinary Evaluation of Advanced
Speech-based Interacive Systems, 2006.

[4] Tim Paek and David Maxwell Chickering. The Markov assumption in spo-
ken dialogue management. In Proc SIGdial Workshop on Discourse and
Dialogue, Lisbon, Portugal, pages 25–44, 2005.

[5] B. Thomson, M. Gasic, S. Keizer, F. Mairesse, J. Schatzmann, K. Yu, and
S. Young. User study of the bayesian update of dialogue state approach to
dialogue management. In Proceedings of Interspeech, 2008.

18


